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Limitations of Logistic Regression

1. Only does binary classification while machine learning can do
multiclass

Complex nonlinear relationships
High-dimensional data
Can’t handle imbalanced data
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Complex image and text classification becomes difficult as it lack of
automatic feature selection



Benefits of Machine Learning in Binary Classification

1. Image Classification:

Convolutional Neural Networks
(CNNs) have demonstrated
remarkable success in image
classification tasks compared to
logistic regression. CNNs can
capture complex spatial
relationships in images and
automatically learn hierarchical
representations, leading to

improved classification accuracy.




Benefits of Machine Learning in Binary Classification

2. Natural Language Processing
(NLP):

Machine learning models, such as
recurrent neural networks (RNNs)
and transformer-based
architectures (e.g., BERT), have
achieved state-of-the-art
performance in NLP tasks like
sentiment analysis, named entity
recognition, and machine
translation, surpassing the
capabilities of logistic regression.
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Benefits of Machine Learning in Binary Classification

3. Multiple outcomes / Multiclass:

Machine learning algorithms, such
as random forests and gradient
boosting, have better performance
multiclass classification than
logistic regression. These
algorithms can effectively handle
imbalanced datasets, capture
complex patterns, and provide |
better predictive power.
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Benefits of Machine Learning in Binary Classification

4. Health Diagnosis:

Machine learning algorithms, including Binary classification Multi-class classification
support vector machines (SVMs) and
ensemble methods like AdaBoost, have
outperformed logistic regression in
health diagnosis tasks, such as
predicting diseases or identifying risk
factors. These algorithms can handle
complex interactions between
predictors and provide improved
predictive accuracy.
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Benefits of Machine Learning in Binary Classification

5. Customer Churn Prediction:

Various machine learning algorithms,
including decision trees, random
forests, and gradient boosting, have
demonstrated better performance than
logistic regression in customer churn
prediction. These algorithms can
capture nonlinear relationships, handle
high-dimensional data, and improve
the predictive accuracy.
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